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TASK

Positive

Negative

GREAT movie and the family will love it!! If kids
are bored one day just pop the tape in and
you'll be so glad you did!!!<br /><br
/>~~~Rube<br /><br />i luv raven-s!

The script for this movie was probably found in
a hair-ball recently coughed up by a really old
dog. Mostly an amateur film with lame FX. For
you Zeta-Jones fanatics: she has the credibility
of one Mr. Binks.

Did Sandra (yes, she must have) know we
would still be here for her some nine years
later?<br /><br />See it if you haven't, again if
you have; see her live while you can.

I would love to have that two hours of my life
back. It seemed to be several clips from Steve's
Animal Planet series that was spliced into a
loosely constructed script. Don't Go, If you
must see it, wait for the video ...

Verry classic plot but a verry fun horror movie
for home movie party Really gore in the second
part This movie proves that you can make
something fun with a small budget. | hope that
the director will make another one

This is without a doubt the worst movie | have
ever seen. It is not funny. It is not interesting
and should not have been made.

Selection of reviews including all the formatting and typos.

F3t 2| HE SHAX| BEHX| B8 L Xt (Movie Review Data, Pang and Lee 2005)



https://www.cs.cornell.edu/people/pabo/movie-review-data/
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Figure 1: Model architecture with two channels for an example sentence.
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Word representation
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Word representation
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Reference: [Paper Review] Efficient Estimation of Word Representations in Vector Space



https://www.youtube.com/watch?v=sidPSG-EVDo

Convolutional Layer

Data
wait jjl v k &0|2] representation= concatdiiAl n * k Z0[2| 1XAt& data
for ' -
the : o T
video | ||| | [ .. ISl Feature map C: [c1, c2, c3, ..., ]
ad LT v Window size hOf| [}2tA] feature map2| Z 0|7t EapRICY
o't B —T— |
rent ] N I | | c; = f(w- Xiit+h—1 T+ b).
t ] . . .
1 - S L ‘/ WE WlndOW size * k ﬂjlgl |;|_-|!E_|I bE bIaS
v' f&= hyperbolic tangent Z2 non-linear function
sentence with static and I'I'll.ll'.lplE filter widths and
non-static channels feature m aps

Multichannel feature map:
v O] h& AFESIY 02| feature map= &M

o

Ct.



Classification
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Regularization
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Experiments

Multi-Channel vs Single Channel
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Table 3: Top 4 neighboring words—based on cosine
similarity—for vectors in the static channel (left) and fine-
tuned vectors in the non-static channel (right) from the mul-
tichannel model on the SST-2 dataset after training.



